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£ 23R g &+ HEp (InSAR: Interferometric
SAR)

Image of an
Earthquake

1992 Landers M=7.3
earthquake at Mojave
Desert of California

Repeat pass interferometry '\N":tsusrg””et etal., 1993,



Schematic of radar interferometry

5¢diﬁ‘ — 5¢g + mov +5¢atm + noise
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Coseismic deformation (F & % 37)
1999 Chi-Chi Mw 7.6 earthquake
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What is Persistent Scatterers InSAR
(PSINSAR: # 4 PFEcsiR & 23022 33 )7

18 x-band COSMO-SkyMed radar images
(3m x 3m)

09/2011~07/2013

[ Interferograms ]

Map of mean
displacement

Time series of
displacement
for each PS

Tung et al., Tectonophysics, 2015
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* A (API)

Harmonized Sentinel-2 MSI: MultiSpectral Instrument, Level-1C

Harmonized Sentinel-2 MSI: MultiSpectral Instrument, Level-2A

Sentinel-1 SAR GRD: C-band Synthetic Aperture Radar Ground Range Detected, log scaling
Sentinel-2 MSI: MultiSpectral Instrument, Level-1C

Sentinel-2 MSI: MultiSpectral Instrument, Level-2A

Sentinel-2: Cloud Probability

Sentinel-3 OLCI EFR: Ocean and Land Color Instrument Earth Observation Full Resolution
Sentinel-5P NRTI AER Al: Near Real-Time UV Aerosol Index
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@ 212 2 35 1% (Radar Vegetation Index, RVI)

RVI=8c6"HV/(c'HH+6°VV +6"HV ) (Lee and Pottier, 2009)
RVI=201log(c” HV/ o  HH) (Kao et al., 2010)
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